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Thick Data comes from immersion in the social context 
Human sciences can be used to create a new fact base, accessing data others cannot 

Rather than look for non-normal 

cardholder behavior, what would 

happen if analytics was configured 

to scan for normal fraudster 

behavior? 
 

• Research went deep—a team of social 

scientists spent two weeks with twelve fraud 

operations and a handful of fraud victims and 

experts—to understand what the world looks 

like from the fraudsters’ point of view. 

 

 



Disrupting the fraud 

business model 

Predicting fraudulent 

purchasing behavior 

Seeing the world from a human viewpoint reveals what is actually going on 
Starting with Thick Data uncovers opportunities for new Big Data solutions 

Fraud is too easy 

Exacerbating fraud’s key pain 

points could make it a grind that 

deters potential fraudsters 

Fraud is a 

predictable business 

The need for speed and liquidity 

creates patterns in fraudsters 

behavior 

Make the value of stolen credit card info more 

uncertain 

Create more behavior and history based 

security mechanisms  

Scrutinize and verify shipping addresses used at 

online vendors 

Identify fraudulent transactions based on its 

speed and rhythm 

Create purchase indicators based on liquidity, 

volume, and value 

Create purchase indicators based on liquidity, 

volume, and value 

Opportunities Potential Solutions Findings Insights 

Acquiring cards: Buying and testing new 

cards is time consuming and tiresome 

Buying goods: Validating identity through 

history and behavior is difficult  

Selling goods: Picking up goods is the riskiest 

and least adaptable part of the process  

Speed of execution: Stolen info is a rapidly 

depreciating asset that must be used quickly 

Large scale: Fraudsters must purchase goods 

that become inventory ideal for resale 

Other signs: There are other several good 

indicators of fraudulent behaviour 

The study identified new opportunities for  

1. Optimizing the algorithms that currently sift through existing stores of Big Data,  

2. Helping credit card companies and online retailers respond to how fraudsters actually operate 

3. Identify new types of data input to work with 
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Opportunity 

Disrupting the fraud  

business model by scrutinizing 

and verify shipping addresses 

used at online vendors 

Thick data allows us to build new data models and algorithms 
—delivering insights and algorithms with greater clarity, reliability and actionability 

Data Requirements 

Data Source Owner 

Cardholders 

historical and 

real-time online 

transactions 

CC Issuer, 

Retailer 

(subset) 

Shipping 

Company data 

UPS, Fedex, 

DHL, etc. 

Real Estate 

data (mortgage 

and consumer 

data) 

CoreLogic, 

Zillow, Trulia, 

etc. 

Online data 
Craigslist, 

Backpage, etc. 

Potential Machine Learning 

Techniques 

Bayesian Reasoning 

Classification 

Anomaly Detection 

Pattern Mining 

Others 

Primary 

Customer 

Credit Card Issuer 

Online Retailer 

 Picking up physical goods is the 

riskiest and least adaptable part of the 

process. 



Big Data has given businesses the ability to achieve a range of outcomes 

Cyber Security 

Analytics  

Customer 

Centricity 

Business 

Process 

Optimization 

Enterprise Risk 

Analytics 

Product 

& Service 

Efficiency 

Improvement 

Examples of business outcomes served by 

Cognizant’s Big Data analytics 

IT Modernization 

& Optimization 

Enablers 

Rise of AI / Cognitive Computing 

Emerging data sources incl. mobile, sensors and social media 

Advances in cloud computing and data management  

  
 



Organizational Silos 

Makes it hard to turn 

decisions into scalable 

actions 

 
Cultural and organizational 

gaps between IT and 

business teams means it is 

often difficult to automate or 

prompt day-to-day actions in 

the field 

Lack of context 

Makes it hard to 

confidently turn insight 

into decisions 

 
With numbers alone, it is 

easy to conflate correlation 

for causation, and identify 

not just issues, but solutions 

Data overload 

Makes it hard to turn 

data into meaningful 

insights 

 
The sheer abundance and 

heterogeneity of data 

sources is often baffling and 

time-consuming to unpack 
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But businesses have not been able to enjoy the full potential of Big Data for 
three key reasons 



Human Science 

Thick Data 

Meaning and 

Context 

Data Science 

Big Data 

Events and 

Actions 

× 

Source 

Generated by people adept 

at observing human behavior 

and its underlying 

motivations 

 

Strength 

Establishes hypotheses 

about why people behave as 

they do 

 

Limit 

Cannot drive automated 

processes—relies on people 

for interpretation 

 

Key characteristics 

Rich, Revealing, Relational, 

Real 

Source 

Generated by the millions of 

touch points companies have 

with customers 

 

Strength 

Can easily be operationalized 

and used in real time 

 

Limit 

Can’t explain why we do 

what we do 

 

 

Key characteristics 

Volume, Variety, Velocity, 

Validity 

Marrying Thick and Big Data represents a new paradigm for analytics 
Using human science to create new insights and data science improved algorithms, leading to more informed 
business decisions 
 



The marriage of Thick and Big Data is called ‘Actual Reality’ 

 Big Data Platforms 

 Content Management 

 RDBMS and Integration 

 Alerts & Drill Down 

 Ad hoc Reports 

 Standard Reports 

 Forecasting 

 Statistical Analysis 

 Trend Analysis 

 Optimization 

 Machine Learning 

 Embedded Analytics 

 Combining Big and Thick data 

 Applied Anthropology/Ethnography 

 Contextualized Data Science 

Difficulty Level 

V
a

lu
e

 

Data  

Integration 

What happened 

and why? 

Descriptive & 

Diagnostic 

What will  

happen? 

Predictive  

Analytics 

How can we 

make it happen? 

Actual  

Reality 
How can we make 

it relevant?  

Prescriptive 

Analytics 

Squirrel 

Works! 



Expertise 

 

Culture 

 

Process 

 

Both Big and Thick Data 

require very high levels of 

expertise to get right—excelling 

at both is difficult. 

 

There is a massive cultural gap 

between data science and the 

humanities—practitioners of 

one rarely speak the language 

of the other.  

 

 

 

Integrating the two requires a 

clear process and perspective 

on when to use which kind of 

data and how.  
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There are three main reasons why most companies have yet to fruitfully 
combine Big Data and Thick Data 



Expand the method toolbox 

 

 

Include ‘Thick data’ for problem 

solving and recommendations 

development 

 

Big data and AI is more powerful and 

helpful if it is rooted in a deeper 

understanding of people and social 

behaviour 

Use relevant data 

 

 

Ask ‘what data do we need’ 

rather than ‘what data do we 

have’ 

 

There are plenty of data sets 

available out there but which ones to 

use? 

Acknowledge people’s 

context beyond the screen 

 

Not everything can be 

understood from measureable 

data 

 

Why do people use the media the 

way they do? What media 

experiences are valuable to people – 

why? 
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What can the media intelligence industry take away from all of this?  
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Thank you! 

 

People before Technology 
Filip Lau, ReD Associates 

lau@redassociates.com 

 


